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Abstract: This study contributes to the rare literature ofoimal care dynamics by
examining the dynamics of informal care provisidmorking age Australians. We focus on
the impact of previous work characteristics (inahgdwork security and flexibility) on
subsequent care provision decisions. We distingbetiveen care provided to people who
cohabit or are resident elsewhere and betweenidthdils providing care on a primary or
secondary caring role. Our dynamic framework obiinfal care provision accounts for state-
dependence, unobserved heterogeneity and initialittons. For both males and females, we
find the existence of positive state-dependencallicare states in short and medium-term.
Furthermore, the inertia in care provision appéanse stronger for more intensive care. We
also find previous employment statuses have sogmfisant deterrent impact on current
care provision decisions. The employment impaa®dver, differ by type of previous work,
type of current care, and gender. We additionatg that workers with higher job security
perceptions are less likely to provide some typecae in subsequent years. Workers’
perceptions about work flexibility or overall wosktisfaction are found to have no impact on
their subsequent decisions to provide care of yog.t
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1. Introduction

Informal care has profound economic, social andclpshpgical implications for sick,
disabled, or elderly people in the developed woiflde OECD estimates that on average,
around 70 to 90 % of individuals who provide cam family members whose care provision
involves little or no remuneration (Colombo et 2011). Recent socio-economic trends such
as declining fertility rates, increases in the labéorce participation rates of women and
changes in child migration patterns may cause tbeigion of informal care to decline. In
light of population aging and the decreasing trandthe supply of informal care,
governments may intervene by (re)designing pubdiicigs regarding formal and informal
care provision. The success of such policies reguan understanding of the determinants as

well as the dynamics of informal care provision.

Although a rich literature exists on the determisaof informal care provision, most of the
literature abstracts from the inter-temporal dimems of care. As far as we are aware, only
two studies so far (Mentzakis et al., 2009; Michaudl., 2010) have examined the dynamics
of informal care provision. We contribute to thmall literature, estimating dynamic models
of informal care provision by working age Australa Our rich dataset permits us to make

several contributions to this literature.

First, we are able to distinguish informal careaading to whether carers and care recipients
co-habit (“resident” and “non-resident” caregivirag)d via an indicator of care intensity, i.e.
whether the caregiver identifies himself or hergsfthe main caregiver or otherwise. We
classify the latter as “secondary caregivers”. ©ane classifications are thus more detailed
than those in the previous studies which use dmyfitst care classification (Michaud et al.,

2010) or only examine caring for residential spsusechildren (Mentzakis et al., 2009).

Second, we are also able to distinguish betweentiges of labour market outcome: full-
time, part-time, self-employment and economic ivétgt Previous U.K. studies (Mentzakis
et al., 2009; Michaud et al., 2010) used a binadycator of whether an individual was in the
labour force or not. Our ability to disaggregateptyment outcomes provides additional
insight into the dynamics of caregiving and labarket activities, because it allows us to
study the impact of work characteristics such askvgecurity, benefit and flexibility on the
subsequent choices to provide care. This is impbtiacause previous work (Booth et al.,
2002; Henz, 2006; Origo and Pagani, 2009) sugdleatavork characteristics typically differ
with the type of employment (i.e. full-time, paitae and self-employment — more details in



Section 3). These work characteristics may thus atsociate with different propensities to

provide care.

In addition to the above classification of employmstatus, this paper also uses various
indicators that represent job security and fleXipiberceptions to assess the impact of
previous work characteristics on current decisibmsprovide care. This paper therefore
contributes to the rare literature on the impactvofk characteristics on the probability of

providing care as the first to establish the eHeaft previous work security and flexibility

characteristics on the subsequent decisions tageaare. Previous studies typically abstract
from the inter-temporal dimensions of care. Theadv&ntage of doing so, however, is that

one is not effectively able to deal with the setatinto work or care.

Using the panel data from latest seven waves of Hbasehold, Income and Labour
Dynamics in Australia (HILDA) survey and a dynammeultinomial framework which
accounts for state-dependence, unobserved heteibgeand initial conditions, we find
strong evidence of positive state-dependence icaa#l provision statuses. We also find that,
for both males and females, the persistence ofgangsion exists in the short- and medium-
term and appears to be stronger for more intercave. In addition, we find that the previous
employment statuses have some deterrent impactument care decisions. The impact
varies, though, by type of previous work, type ofrent care, and gender. We also find that
workers with higher job security perceptions asslikely to be care providers in subsequent
years. Yet we also find that workers’ perceptioh®wt work flexibility or overall work

satisfaction do not influence their subsequent pasgision decisions.

The remainder of this paper is structured as fddlo§ection 2 provides an overview of
related literature. Section 3 introduces the dathsome descriptive analyses. The empirical
models are introduced in Section 4. In Section Spwasent the results. Section 6 provides

some robustness checks for our results and Settoncludes the paper.
2. Literature review

There are three different strands of literaturewaht to this study. The first literature deals
with the decision to provide care for others. Tlediorlly, the motivations for informal

caregiving can be classified into a taxonomy atu@im (Becker, 1974), exchange (Bernheim
et al., 1985; Cox, 1987; Cox and Rank, 1992) anuahestration (Cox and Stark, 1996)

motives or some mixture of these three. Althougtpieical studies do not directly test for



these motivatioristhey do shed some light on the factors that dimfermal caregiving
decisions. For example, individuals with higherames are less likely to become caregivers
(Carmichael et al., 2010; Couch et al., 1999; Makiz et al., 2009) due to the higher
opportunity cost of time. The question of whethemot previous work experienqaer se
affects the probability of providing care is equiab some empirical studies suggest that
previous work experience lowers the probabilitycafe provision (Carmichael et al., 2010;
Mentzakis et al., 2009; Michaud et al., 2010) wioikers (Berecki-Gisolf et al., 2008; Stern,
1995) do not.

A number of studies in long-term care literaturgenocused on the dynamics of long-term
care arrangementsFor instance, Borsch-Supan et al. (1992) studydgmamics of living
arrangements of the U.S. elderly. Similarly, Dostiel Léger (2005) examine the transitions
of living arrangements of sick, elderly individuats the U.S. More recently, Gardner and
Gilleskie (2012) estimate a dynamic model of loegyt care arrangements, assets/qgift
behaviour, health insurance benefits, and headitsitions for a sample of the U.S. elderly.
Lately, Goeree et al. (2012) contribute to therditere by estimating dynamic models of
elder-care arrangements using U.S. data. So lfastualies in the U.S. appear to focus on
long-term care arrangements of elderly which areenctosely related to the demand side of
long-term care. To our knowledge, only two studiese focused on the “supply side” of
care and both of them use data from the Britishddbold Panel Survey (BHPS) (Mentzakis
et al., 2009; Michaud et al., 2010). Mentzakisle{2009) employ a random-effects dynamic
model to analyse the dynamics of care provisiomiajes and females in the U.K. They
focus on caring for residential spouses and childmed use a two-part model to distinguish
care participation and levels of provision. Similarusing a framework that deals with
unobserved heterogeneity and state-dependenceaiictt al. (2010) examine the dynamics

in informal care provision and employment outcorfoesemales in the U.K.

The second and rather rich literature deals with itmpact of informal caregiving on
caregivers’ labour force participation (LFP). Masidies have found evidence of a negative
correlation between informal care and LFP. Howewbe magnitude of the negative
correlation varies across studies, ranging fronalamost negligible effect (Meng, 2013; Van
Houtven et al., 2013) to a 42 percentage pointaeoiu (Heitmueller, 2007) in the LFP rate.

! Two U.S. studies by Brown (2006) and Norton e{2013) are exceptions. They both document thad i
who provide care to their elderly parents are niikely to receive financial transfer from the parethan
children who do not provide care.

2 See Sovinsky and Stern (2012), for example, fercant review on the literature on informal careatyics.
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The existing literature has also uncovered sigaificheterogeneity of the effect of informal
care on LFP: specifically, the impact appears tosh®nger for intensive caregivers

(Carmichael and Charles, 2003; Casado-Marin e@lL1; Lilly et al., 2010; Nguyen and

Connelly, 2013) or residential caregivers (Carméhend Charles, 2003; Casado-Marin et
al., 2011; Ettner, 1996; Heitmueller, 2007; Nguwaad Connelly, 2013).

Studies in the second literature use a variety emhniiques to address the expected
endogeneity of caregiving, including panel data hods (Casado-Marin et al.,, 2011,
Heitmueller, 2007; King and Pickard, 2013; Leigh1Q; Meng, 2013; Michaud et al., 2010;
Moscarola, 2010), instrumental variable methodsli(Bet al., 2008; Ciani, 2012; Ettner,
1995; Heitmueller, 2007; Stern, 1995) or a comlimabf these two (Ciani, 2012; Nguyen
and Connelly, 2013; Van Houtven et al., 2013).

The third line of literature examines the impactairkplace flexibility on care provision and
work retention decisions. Despite of the policiemest in promoting flexible working, little
is known about the extent to which work place @ity affects care provision decisions.
Studies so far have focused on samples of emplogadsprovided mixed results. For
example, Pavalko and Henderson (2006) documentdhaing employed U.S. females who
started providing care, those in jobs which offeorenflexible working hours or more
generous job benefits (as measured by unpaid faedye or paid sick or vacation days)
were more likely to remain employed and maintaimexk hours over a two-year period.
Similarly, Bryan (2012) uses cross-sectional Bmitsmployee data to show that workers in
more flexible jobs are more likely to care. By agast, using British cross-sectional data
which contain retrospective information about infiat care and employment, Henz (2006)

shows that starting caregiving is not affected tyknflexibility.>

While not closely related to this literature, soreeent studies suggest that work flexibility
may have some impact on the employees’ future wanmkl care decisions. Zuba and
Schneider (2012), for instance, use cross-sectiemgloyee data from Europe to document
that employees who provide informal care exhibghleir levels of perceived work—family

conflict than workers who do not provide informare. Similarly, using a cross-sectional
sample of Austrian employees, Schneider et al. ZpGhow that female employees with

more flexible work arrangements are less likelydport that they intend to change jobs. If

% Unfortunately, since there is no direct informatiabout job flexibility in the data Henz (2006) hasuse
aggregate measures which were derived using seoioemic class. As Henz (2006) notes, these derived
measures of work flexibility may make it more diffit to detect effects.



work and informal care are substitutable and jodinge intentions are good proxies for actual
job changes, the finding by Schneider et al. (20h3ay be interpreted as showing that job
flexibility facilitates future care provision.

In summary, previous work shows that flexible warkangements may or may not facilitate
employees’ decisions to provide care. Howeverss difficult to draw a causal interpretation
from the correlation between work characteristiod aare provision decisions from these
studies because they use cross-sectional economadthods and thus cannot control for
individual heterogeneity; they also do not addrénes problems associated with the strong
possibility of selection into work or care. Our @ynic framework, which accounts for state-
dependence, unobserved heterogeneity and initialittons, thus provides the first empirical
evidence on the causal impact of previous work adtaristics (including job security and
flexibility) on subsequent decisions to provideecar

3. Data and descriptive analyses

3.1 Data

This study utilises the Household Income and LabDynamics in Australia (HILDA)

survey, a nationally representative household-bgsmakel survey which began in 2001
(Watson and Wooden, 2010). There are approximaiedp0 households and 13,000
individuals who respond in each wave. HILDA congirich information on household
formation, income and work. We use seven latestewd® to 11) since they have detailed

information on informal caré.

3.2. Sample

For this study, we restrict the sample to individuaged between 24 — 64, excluding
individuals at school or full-time study. We thustain a balanced sample which consists of
5,427 unique individuals. From these individualg, @xclude a further 1,581 individuals on
the basis they entail missing information on imanttvariables. Thus, we have a balanced
sample of 3,846 unique individuals, 54 % (2,058wiom are female. We recognize the

*We do not use wave 1 to 4 since no direct infolonaabout informal care is available in these waves

® Most of missing information is due to variablessctébing demand for care (See Section 4 for détails
Information on these variables is derived from dldmack self-completed questionnaire. About 90 pent of
respondents returned this questionnaire. For thasables we lose 1,568 unique observations mdstbause
respondents did not return a self-completed quasdive. We have checked for any significant diffieesin the
pattern of missing data and found no significaffedénce by caregiving status and gender.
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possible differences in caregiving patterns betweates and females by analysing males

and females separately.

3.3. Definition of unpaid caregiving intensity

In our data, informal caregivers are individualsowprovide unpaid assistance with daily
activities to a member or non-member of the housklloe to their long-term health
condition, old age or disability. We first follow ibhaud et al. (2010) to identify care
provision by residency status between the caregimdrcare recipient, classifying caregivers
as either “resident” caregivers or “non-residengifegivers. We then capture caregiving
intensity by classifying whether caregivers arempniy caregivers or nétWe classify
caregivers who answer “yes” to the question “Are yloe main carer of person?” as “main
caregivers”, while those who answer “no” we classié “secondary caregivers”. Previous
studies using data from the U.K. (Carmichael andr{@ls, 2003), Canada (Lilly et al., 2010)
and Australia (Nguyen and Connelly, 2013) have tbtins measure of care intensity robust
and reliable. Our data (see Appendix Table 1) alsow that, on average, as compared to
secondary caregivers, main caregivers appear tedspere weekly hours on care and more

likely to receive carer benefits (either in a foofra Carer Payment or Carer Allowance).

In our sample, 8.1 % of respondents are definedthf@asmal carers. In addition, care is
equally provided to residents (4.1 %) and non-egsisi (4.0 %). By gender, females are more
likely to be caregivers (9.9 %) than males (6.3 Mpre than a half (53 %) of caregivers
identified themselves as main caregivers, with memaales (59 %) than males (43 %)
identifying as such. In addition, caregivers arecimumore likely to indicate that they are
main caregivers when they co-habit with the cacgrents (74 %) than when they do not co-

habit with care recipients (33 %).
[Table 1 about here]

Table 1 also shows that most (89 %) care is pravtdemmediate family members (partner,

parents (own or in-law) or children). In additionuch more care is provided for immediate

® There are a few individuals (less than 0.5 % af sample) reporting providing care for both restdesnd
non-residents at the same time. Our previous whiduyen and Connelly, 2013) shows that resident tare
more intensive than non-resident care so we ashigm as resident caregivers. Similarly, when defincare
provision by care intensity we assign them as neanegivers if they indicate that that provide ctmeeither
residents or non-residents as main carers. Thdtgelsawever are not sensitive to the exclusion efse
individuals from our sample.

" Theoretically, care provision can be identified bgth residency and intensity. However, in pragtice
transitions between some care groups (for exanapi®ng those identified as secondary resident caregin
the previous year, none of them switched to prowdes for non-residents (either as main or secgndar
caregivers) in the following year) are not largewgh for us to estimate a dynamics model of caogigion.
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family members in residential (97 %) than non-resihl care (81 %). The care provided by
residential caregivers appears to be distributediggbetween partner, parents and children.
By contrast, most of the care provided by non-medicl caregivers is provided to parents
(77 %).

3.4. Caregiving transition

In Table 2, the rows show previous caregiving statbereas the columns present current
caregiving states. Also in Table 2, Panel A shohes transition in care giving statuses
defined by residency status while Panel B prestatdrajectory of care states distinguished
by care intensity. Both Panels show a strong degfesbserved inertia among non-carers
since about 96 (97) % of female (male) non-carggiue previous year remained non-carers
in current year. We do, however, observe signiticaansitions among caregivers. In
particular, for females, while most of the resideategivers resumed their caregiving role in
subsequent year (65 %), 32 % of them became namsgaand 2.3 % of them switched to
provide care for non-residents. Also, for femalesn-resident caregivers appear to be less
stable as only about 48 % of them remained in therious caregiving duties and 50 %
became non-carers. The same transition patterpsisreed for males. However as compared
to female caregivers, male counterparts appeaave A higher degree of movements since
we observe a higher proportion of male caregiverthdr for residents or non-residents)

becoming non-carers in subsequent year.
[Table 2 about here]

When we measure care intensity by main or seconddeg, we also observe the highest
level of inertia among non-caregivers, followingrogin caregivers and secondary caregivers
have the lowest. As compared to the resident/nsici@at care classification, with care
intensity classification we observe qualitativelgngar proportions of caregivers becoming
non-carers and lower proportions of caregiversmasg their caregiving roles in subsequent
year (male secondary caregivers were an exceptidr.lower proportions of caregivers
resuming their caregiving roles in subsequent yearconsistent with the observation that
more previous caregivers switched between mainsagdndary caregiving roles in current
year. These transitions appear large enough to niakeeence on caregiving intensity

dynamics.



4, Empirical model and econometric method
4.1. Theoretical background of care provision dynamics

There are several theoretical grounds suggestifognial care provision is an intrinsically-
dynamic process. Some theoretical work (Byrne et 2009; Engers and Stern, 2002;
Hiedemann and Stern, 1999; Rainer and Siedler,)200®e long-term care literature uses
game theory to model the interaction between gislwho make decisions about long-term
care for their elderly parents. If the stages dafiglens are viewed as sequential, as opposed
to simultaneous, these theoretical models imply tecisions to provide care are made
dynamically (Fevang et al., 2012; Skira, 2012).ddscussed in Sovinsky and Stern (2012),
there are several other scenarios where previgesstatus is taken into account when future
care provision decisions are mddEor example, the costs associated with changing ca
arrangements may cause the current caregiversntinae to provide care in the future. In
addition, the human capital associated with praygdtare may cause current caregivers to
resume their caregiving roles in the next periodabse the longer they provide care, the
better they become at doing so. Alternatively, wdlials who choose to provide care at some
point, thus have to leave work or reduce hours ewrknay face a reduced probability of
receiving jobs offers in the next period due toolabmarket human capital depreciation
(Skira, 2012). Finally, the existence of a “burrioetfect experienced by caregivers who
provide care for a long period of time could catlsm to exit providing care in the future
(Seltzer and Li, 2000). These theoretical groundgsst that the sign of the state dependence

in care provision can be positive or negative, flease the actual sign for empirical work.
4.2. Econometric models

Caregiving status is defined kly mutually exclusive stateg) = 3) . The latent value for care

statusj of individuali at timet is presented as:
Ciit = XitBxj + ViCije—1 + Li—1Brj + aije 1)

whereX;; is a vector containing individual observed chagstics with unknown parameters
Bx;- We follow prior literature (Carmichael et al., 120 Mentzakis et al., 2009; Michaud et
al., 2010; Stern, 1995) to use previous labour etaskateqL;;_;) as explanatory variables

to limit the endogeneity of labour market statusamegiving equations. As discussed earlier,

8 Since decisions to care and to work are typicaiyde simultaneously (Nocera and Zweifel, 1997; &kir
2012) we can borrow some theories from a richerdiure on the dynamics of employment to explaa th
dynamics of care provision (see Aguirregabiria ltich (2010), for example, for a review).



the inclusion of past care stat(§;,,) allows past care giving choices to affect curcare
giving choices, thus, reflects the true dynamicrabi@ristics of care provision (Dostie and
Léger, 2005; Gardner and Gilleskie, 2012; Mentzatisl., 2009; Michaud et al., 2010).
Individual-specific time-invariant unobserved hetgeneity such as preferences over

caregiving and labour market attachment are cagtoyer; ;;.

As we are estimating dynamic models, we need tbwita the initial conditions problem.
The initial conditions problem arises because #regiving statuses before the observed time
period cannot be known and because the state @uksanvthe initial time periodt = 1)
cannot be assumed to be random. Rather, it isylitkelt non-random unobservable factors
are correlated with the initial caregiving stafés.account for the initial conditions problem,
we follow Wooldridge (2005) and include among owplanatory variables a vector of
(J — 1) binary dummy variables indicating initial caregigi status(C;;) and the average
over the sample period of the exogenous time-vgryariables(Z;).? Although Wooldridge
(2005) calls for the inclusion of the initial sta&s of care provision (the dependent variable),
we follow prior literature (Kohn and Liu, 2012; Miaud et al., 2010) to include the initial
labour market states. Specifically, we specify disribution of the unobserved individual

effects as:
Qije = QPoj + Cin1 + Lin@a + Zips + 1 (i=1,..,N;j =2, ..., ]) (2)

wheren;; is a new unobserved individual effects and is m&glito be multivariate normally
distributed and independent of all the explanat@yables and the initial caregiving status.
Because this initial caregiving status starts @ven-year time-series, the estimatespof
(p,) also indicate the medium-term persistence of carey (labour market states). Note
that using the Wooldridge method which includesdiierage of the exogenous time-variant
variables, we can also deal with the possible tatiom between the exogenous variables and
unobserved individual-effects (Chamberlain, 198Qnillak, 1978). Using the Wooldridge
method thus helps to further limit the endogeneftgrevious labour market status in the care
dynamics models. Substituting Equation (2) into &opn (1) we get the augmented

specification which accounts both for the initiahditions and unobserved heterogeneity.

° An alternative to the Wooldridge (2005) approaslthie Heckman'’s reduced form approximation (Heckman
1981). Heckman'’s approach is computationally mamanding than the Wooldridge’'s so we apply thestatt
In addition, Arulampalam and Stewart (2009) and YAka012) show that the Wooldridge method performs
equally well or even better than the Heckman's ceduform approximation method, especially when the
duration of the panel is longer than 5 (as is ours)



The observed care giving status is denoted;hy The individuali chooses the care staus
at timet if and only if ;5 > 0 (i.e. €y, = 1(C{j, > 0)). Since we assign caregivers who
provide both residential and non-residential car¢ha residential caregivers, each individual
in our sample therefore can choose only one ofetmnaitually exclusive and collectively
exhaustive state§ = 3): non caregiver, resident caregiver, and non-residaregiver. We
therefore can use the Multinomial Logit (MNL) modelmodel individual choices to provide

informal care. For identification purposes, we thet statej =1 (non-caregiver) as the base

group. All other sets of unknown parameters are@neséd in comparison with this base
group® Our dynamic MNL model with random effects is estted via a maximum
simulated likelihood (MSL) method using 50 Haltonaws for each individual (Train,
2003)M

The empirical approach employed here thus contfoisrandom intercepts with time-
invariant components and initial conditions. Weoa¢éxperiment with two empirical model
specifications: Specification | which does not adlfor correlation between errors in two care
outcome equations and Specification Il which dod'® apply these two specifications to
three alternative models: a baseline model (ModletHich includes previous labour market
statuses as defined above and Model 2 (3) whicludes variables explaining the work

security and flexibility perceptions (overall washtisfaction perceptions).
4.3. Explanatory variables:

We estimate a reduced form of care provision. Inmadel, respondents’ characteristics that
are associated with the decision to provide cactuite age (and age-square), education,
marital status and health statdsFurthermore, we use non-labour income and home
ownership status to control for any wealth effettle respondent’s care provision decisions.
Non-labour income is the sum of the respondentenre from sources other than wages,
salaries, business income, private pensions, ahddes the other members' income from all
sources. This non-labour income is normalized leystiuare root of household size to adjust
for economies of scale in consumption. Home ownprstatuses are two dummy variables

respectively indicating whether the home that thepondent is living is owned or its

1% Note that our dynamic Multinomial Logit (MNL) mobith random effects does not exhibit the resivist
assumption of Independence from Irrelevant Altevest(l1A) (Revelt and Train, 1998).

'We use mixlogit command in Stata to estimate tbeeh(Haan, 2006). As a robustness check, we inetka
the number of draws from 50 to 100 which almostraitichange the results.

12\We do not include work experience which is measimeyears the respondent has spent at all paiigotce
this variable entails a lot of missing informati@ee Appendix Table 1 for summary statistics.
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mortgage is currently paid off by any member of tloeisehold?® As the country of origin

(immigrant from English speaking background (ESBumries or non-English speaking
background (NESB) countries versus native) may glsy some role in explaining care
giving decision, we also include two dummy varigbiledicating immigration statuses in all
equations?* Household characteristics in the models also delthe number of residing
members of various age cohorts. We also controtiiéerences in working conditions and
formal care across regions by including the rediamemployment rate, regional relative
socio-economic advantage index, state dummies andallurban dummy in the caregiving
equations. In addition, throughout the empiricablgsis, we include a full set of year

dummies to control for fluctuations in the formake or labour markets overtime.

We also include variables that may affect the detrfan care such as the health status of
potential care recipients (any serious personakyijlness of a relative or family member)
or the death of a family member (spouse/childréatire) or a close frientf These variables

represent demand-shifters for care for both ressdand non-residents.

As discussed above, we also include a vector ofique labour market statuses in the care
dynamics equations. We distinguish four differerstbdur market states: full-time

employment, part-time employment, self-employmemd aeconomic inactivity (the

benchmark group). Previous research has shownwbek characteristics typically differ

according to the nature of employment (Booth et2002; Henz, 2006; Origo and Pagani,
2009). Our data which contain respondents’ varigel§reported opinions about their jobs
also show that the three types of employment {foik, part-time and self-employment) do
indeed differ in terms of job security, flexibilitgnd benefits. See Appendix Table 2 for
details. Appendix Table 3 also shows that full-tisraployment offers the highest level of
job security and the most generous work place leménts® (as measured by all variables

13 We cannot include total net wealth in our modeicsi information on family wealth such as assets and
liabilities are not available at all waves.

14 We experimented with including indigenous/non-gadious status in the regression. For males, the
estimation of this variable is very imprecise (ilarge standard errors), suggesting a small nunaber
observations having this characteristic. This \@eais not significant in all regressions for feesml We
therefore drop it from the final regressions.

!5 We aggregate any death of spouse or children lzatdof a relative in one event since the formea isre
event in our data.

16 While access to workplace benefits such as spesaak for caring for family members or paid maitgrn
leave would have an impact on workers’ decisiopriovide care, we do not include a measure of wadel
benefits in our model because all available work@lbenefit measures entail a lot of missing infdroma In

our sample, in each wave, about 20 % of respondemiswere asked the relevant work place benefisties
responded “Don’t know”, possibly because they wareaware of these benefits. Since we use a balgreneel
sample, if we include these work benefit variabfesur model, we have to pair-wise drop observatinith
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describing the respective work characteristicd)pfang by part-time employment and self-
employment. By contrast, self-employment offers tiighest level of work flexibility,
following by part-time and full-time employment heéee lowest. Our classification of labour
market status thus captures job security, flexipdnd benefits reasonably well.

Work security and flexibility is then captured ditly by using indicators of job security and
flexibility. Job security, which measures the proitity that an individual will keep his or her
job, theoretically may affect the decision to pdw®v/icare in two different (and opposite) ways.
It may be that individuals with a lower level of ikasecurity would be more likely to provide
care because they face a lower opportunity costtenlabour market (Hyslop, 1999; Skira,
2012; Stewart, 2007) (e.g., they may be more likilybe unemployed). Conversely,
individuals with lower job security may be moreistgsnt to taking on a caregiving role
precisely because they may be at greater risksidoand of not regaining employment. To
our knowledge, the impact of job security on carevigion has not been empirically
analysed in the extant literature on informal c&@lowing Bryan (2012) and Henz (2006),
we include variables representing workplace fldiibiin our regressions. Unlike these
previous studies, though, which use concurrent vabrdracteristics and care decisions, we
use respondents’ responses to questions abouexieility of their workplaces as indicators
of the latent flexibility of the workplace, and nse@e the effects of these on subsequent care

choices.

Specifically, we use respondents’ responses tool §ecurity satisfaction” question to
represent work security and responses to a “thebfley to balance work and non-work
commitments satisfaction” question to proxy for wdlexibility for three reason$’ First,

these variables are highly correlated with the otheasures of work security and flexibility
that are available to us (See Appendix Table 2foB& questions about “job security
satisfaction” and “work and life job satisfactiomere asked for all employed individuals,
including self-employed people, so we do not neeanpute information for self-employed
individuals. Third, these measures entail much tessing information than the alternatives.
Finally, in addition to these two measures of wadcurity and flexibility, in separate

missing information in any wave from the sample.irigoso causes a significant loss (>20 % of theiaig
sample) in the sample size.

" n particular, respondents were told: “I now haeene questions about how satisfied or dissatisfdare
with different aspects of your job. If not currgndmployed: These questions refer to the most t§oényou
were working in the last 7 days. | am going to reata list of different aspects of your job ansing the scale
on SHOWCARD E36, | want you to pick a number betw8eand 10 to indicate how satisfied or dissatikfie
you are with the following aspects of your job. Tiere satisfied you are, the higher the number sfwauld
pick. The less satisfied you are, the lower the lmeih
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regressions, we also include a measure represetmvagall job satisfaction” in our model
because this measure is also highly correlated wuittk security or flexibility measures (see
Appendix Table 2).

Unemployed individuals were not asked the foregajagstions. Following the usual practice
in the literature dealing with missing informatione use a “dummy variable adjustment”
method (Allison, 2001). In particular, we substtdhe variable’s mean for all missing cases
because respondents were unemployed and thus wemsked the relevant questithln
addition, we include a dummy variable coded 1 & tiriginal variable is missing and O
otherwise. This dummy variable is also the variatéscribing the unemployment status.
Thus, estimates of work characteristic variables lwa interpreted as the effect of, say, work
security perceptions given that the individuals keaor last year, whereas the variable
“unemployed last year” distinguishes between irgirals who did not work last year and had
average work security perceptions and individuat® worked last year (also had average

work security perceptions).

5. Empirical results

5.1 Resident versus non-resident care
51.1. Testresults

We first discuss results for the dynamics of camvision when care is defined by residency
status between the caregiver and care recipieniléTza). The standard deviations (SD) of
the individual random coefficients which are repdrat the lower part of Table 3a indicate
that unobserved heterogeneity is important inegressions: they are all highly statistically
significant. The correlation between errors intive care outcome equations is also reported
at the lower part of Table 3a. It can be seen fi@hle 3a that the correlation coefficient is

negative and statistically significant for maledyomhis negative correlation suggests that,
for males, whose unobserved characteristics whiakenthem more likely to provide non-

resident care also make them less likely to prowither care. For males, the inclusion of the

18 We dropped individuals (about 3 % of the origibalanced panel sample) who were employed or self-
employed but had missing information on these Wdem rather than used the “dummy variable adjustinen
method because deletion has been found to prodssélased estimates (Allison, 2001). The reslrtsst did

not change when we assigned the lowest value (£QGdho security and flexibility index for unemployed
individuals.
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correlation between errors also improves the fithef model as measured by the Likelihood

Ratio (LR) test for the error covariance matrix.
[Table 3a about here]

We use the Akaike Information Criterion (AIC) (Akai 1973) and the Bayesian Information
Criterion (BIC) (Schwarz, 1978) to assess thedittivo specifications. Both criteria aim to
weight the model fit and the number of parametdosvdr values of BIC or AIC are

preferred). These model selection criteria, regbré¢ the bottom of Table 3a, favour
Specification | for females. By contrast, for maldeese model selection criteria are
inconclusive with respect to the preferred speaifan of error correlation: the AIC suggests
that Specification Il is preferred while BIC, whiégmposes a greater penalty for model
complexity, selects Specification |. Note too tlaatounting for error correlation does not
change the significance of any of the parametamagts noticeably either for males or

females.
5.1.2. Main results

The results in Table 3a show that, for both femaled males, providing care to residents
rather than providing care to non-residents or joliag no care in the previous year increases
the probability of providing care for residentstie current year. Similarly, providing care to
non-residents rather than providing care to resgdenproviding no care last year increases
the probability of providing care for non-resideritss year. These results confirm the
existence of significant positive state-dependenceare status for both males and females.
Comparing the persistence of resident and noneasicare, we observe that resident care is
more persistent than non-resident care, a findilgchvis consistent with U.K. evidence
presented in (Michaud et al., 2010).

The presence of state-dependence in care probgiloaviours is also found in medium-term.
The estimates of variables describing initial cstia@es (measured in 2005) show that male
and female individuals who provided care for restdénon-residents) at the beginning of the
study period are more likely to provide care faidents (non-residents) in the current year.
For females, we do not observe switches betweagang for residents and non-residents
during the study period. For males, though, we teeove switches between caring for

residents and non-residents. Specifically, males sthrted the study period as resident (non-

% The (joint) significance of the error correlatioan be tested using an LR test. The test statistiish is chi-
squared distributed with k degrees of freedom (kmiber of error correlation = 1 in our case) is givey
2*(Log Likelihood of Specification Il — Log Likelibod of Specification I).
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resident) caregivers are more likely to become mmdent (resident) caregivers in the
current year. Our finding of the evidence of swinchbetween caring for residents and non-
residents for Australian males is in line with eande presented in Michaud et al. (2010) for
U.K. females. Our results however suggest thatemniértia in care provision does exist for
both females and males, it appears to be longéndafor males. Again, in our study, resident
care appears to be more persistent than non-résidemin medium-term for both males and

females.

We next turn to the impact of previous employmeates on current care decisions. Results
from Specification | in Table 3a show that, for f&es, only working on a full-time basis last
year statistically significantly reduces their pabiity of providing care (either for residents
or non-residents) this year. Working on other bgsespart-time or self-employment) in the
previous year however does not have any impachein decisions to provide care either for
residents or non-residents in the current year. fdwlings of heterogeneous impacts of
previous work status on current care provision slens suggest that the deterrent impact of
previous work status--as identified by working @t on current care decisions that has been
found in the literature (Carmichael et al., 201@ritkakis et al., 2009; Michaud et al., 2010)-
-may be concentrated among full-time employed femgbnly)?® By contrast, for males
(results from Specification | and Il in Table 3a)prking on any basis (i.e. full-time, part-
time or self-employment) last year strongly stataty significantly decreases the probability
of providing care to residents this year. Malegyious work states however do not have any
statistically significant impact on their decisiots provide care to non-residents in the
current year. Similarly, for both males and femaldeeir initial work status (which is
measured in 2005 in our data) appears to haveststatly insignificant impact on current
decisions to provide care. Males who worked pamnetin 2005 are the exception: they are

less likely (at the 5 % level) to provide care fian-residents in the current year.
5.1.3. Resultsfrom alternative models with work characteristics

Above we find heterogeneous impacts of previous leynpent statuses on current care
provision decisions. As discussed earlier, theseerbgeneous impacts may reflect the

different work characteristics associated withetiéint types of employment. In this section,

2 \We experimented with defining previous work statysone dummy variable (i.e. working or not) asduse
the prior studies (Carmichael et al., 2010; Menizak al., 2009; Michaud et al., 2010). Resultarfrthis
experiment show that, for females, working lastryaaly marginally (at a 10 per cent statisticalnsigance
level) statistically decreases their probability ppbviding care for residents this year. In additialso for
females, working last year does not have any &tatlly significant impact on their probability gfroviding
care for non-residents this year.
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we directly examine which previous work characterssare driving working respondents to
provide informal care in subsequent years. We disdhe results from two alternative
models with direct measures of work characteristResults from Model 2 which includes
indicators representing work security and flextijperceptions and Model 3 which controls
for overall work satisfaction perceptions are répadrin Table 3b and 3c, respectively. The
test statistics and coefficient estimates in Mo2lednd 3 are remarkably similar to those
presented previously for Model 1. The only notideatiifferences are that, for both males
and females, estimates of the variable explainihg tunemployed” status become
statistically insignificant in all specification®i@ models. The insignificant estimates for this
variable suggest that there is no difference batwviiee previously employed and unemployed
individuals when choosing to provide care either fesidents or non-residents in the
subsequent years. Estimates for the “unemployedabie for males in Model 3 are the
exception: males who were unemployed last yeamaginally more likely (at the 10 per
cent level) to provide care for residents in therent year than their employed counterparts.
As discussed above, it is possible that the effetthe three types of employment (i.e. full-
time, part-time and self-employment) differ buttttteeir combined impact is to cancel out.

Controlling for previous work status, we find thébr previously employed males and
females, work security, flexibility and overall vkorsatisfaction perceptions have no
statistically significant impact on their subsequeecisions to provide care (either for
residents or non-residents). Estimates for an atdrcof job security perceptions (which were
measured at the beginning of the study period) hosyever, negative and statistically
significant at the 5 per cent level in the nondest care equation for males. These estimates
suggest that among males working in the initialrydf@ose who perceived a lower level of
job security are more likely to provide care fonAesidents in the current year.

[Table 3b and 3c about here]
5.1.4. Other results

We next discuss other factors that may affect @@l choice over caregiving (Appendix
Table 4). Most of the estimates are as expectegaitticular, migrant background plays a
statistically significant role in explaining careiig decisions of females only. Specifically,
female immigrants from ESB countries are less Vikel provide care for either residents or
non-residents than female Australian born individuaVe do not, however, find any

significant difference in the probability of pround) care either to residents or non-residents
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between females who were born in Australia andehogyrated to Australia from NESB
countries. This finding is consistent with the faécat NESB female immigrants typically
have a lower labour market attachment and thusreme likely to provide care than ESB
female immigrants. Without further information rediag how cultural or traditional

diversity affects care provision, the higher incide of caregiving among Australian born
individuals is likely to be linked with their clos@hysical contact with their relatives or

friends.

We also find the probability of being the resideategiver decreases with higher educational
attainment (bachelor or higher). While the signshefse coefficients are consistent with the
observation that people with higher education nedtto face higher opportunity costs of
providing care (Norton, 2000), the results are igiaglly significant for males only.
Appendix Table 4 also shows that, as compared rt@les living in a rented home, those
living in an outright-owned home are more likelypimvide care to residents, a finding which
suggests that a more stable housing as measuredtiayht home ownership could facilitate

care provision for residents.

Characteristics of co-habiting household membeesimportant factors that are correlated
with the respondent’s care provision decisions. pitedability of providing care as a resident
caregiver, for instance, significantly increasesrfales and females who live together with
older family members. As expected, caregivers vivm With older household members are
statistically significantly less likely to provideare to non-residents since they have to
provide care to residents in need. This estimatgzhct is, however, statistically significant

only for males.

We also observe that indicators of the health stafypotential care recipients significantly
affect the respondents’ care provision decisior. lfoth males and females, any recent
serious injury or iliness of a family member stidally significantly increases the probability
of providing care for either residents or non-rest$. By contrast, the death of a relative
statistically significantly reduces the probabildproviding care for non-residents only. The
death of a close friend however does not have #aysscally significant impact on the
probability of providing any type of care.
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5.2. Main versus secondary caregivers
5.2.1. Testresults

We next discuss results from the dynamic modetb®intensity of care provision. The main
results are reported in Table 4a. The lower panelable 4a shows that the correlation
coefficients are positive and highly statisticaflignificant for males and females. These
positive error correlations suggest that unobsdegaihat increase an individual’s probability
of providing care as the main caregiver also affestor her probability of supplying care as
a secondary caregiver, in the same direction. Tgeifeance of the estimates of error
correlations also suggests a higher level of iaeofi care intensity as defined by main or
secondary caregiving roles if the correlation betwerrors is ignored. This correlation of the
errors also changes the statistical significancsoofie estimates for males. For example, the
parameter estimate on the “main carer last yeatalke in the secondary care regression is
statistically significant (at the 5 per cent leviel)Specification I, which does not account for
error correlation, to statistically insignificamt Specification 11, which does account for the
correlation of the error terms. Similarly, the esite for the “secondary care last year”
variable in the main care equation changes fromgokighly significant (at the 1 per cent
level) to marginally significant (at a 10 per céntel) in the regressions that control for error

correlation.
[Table 4a about here]

The highly statistically significant estimates ofag correlation also help to explain why, in
most cases, the AIC and BIC support SpecificatioAn exception is observed for males (in

Model 1) where the BIC marginally favours Specitioa .
5.2.2. Main results

Results from the regressions with an error conatastructure (Specification Il — Table 4a)
suggest a lower level of inter-transition betweemecintensity roles for males than for
females. Specifically, for females, providing ca® main (secondary) caregivers last year
statistically significantly increases the probabilof providing care as secondary (main)
caregivers this year. By contrast, for males, miog care as main (secondary) caregivers
has no statistically significant impact on the pbitity of supplying care as secondary
(main) caregivers. This is, however, the only appaigender difference in the estimates of
past care status on current caregiving statusatbaibserve. For other estimates, we observe
a similar pattern of care inertia for both maled &males. Specifically, males and females
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providing care as main or secondary caregiversylat are statistically significantly more
likely to resume those roles in the current yeamil@rly, individuals who provided care

(either as main or secondary caregivers) at thenbex of the study period (i.e. in 2005) are
more likely to provide care either as main or seleoy caregivers in the current year.

Turning to the impact of previous employment statmsurrent caregiving decisions, we also
observe heterogeneous impacts by gender. For fepahdy those working on a full-time
basis in the previous year are less likely to pmevcare either as main or secondary
caregivers in the current year. By contrast, fofesiaworking on any basis (full-time, part-
time or self-employment) last year statisticallgrsficantly reduces their probability of
providing care as main caregivers this year. Howawales’ previous working states do not
statistically significantly affect their decisiots provide care as secondary caregivers in the
current year. Males who worked part-time last y@arexceptions since they are more likely
to provide care as secondary caregivers this y@abably as a result of an interaction
between various work security, flexibility and b&nheharacteristics that we will discuss in
Sub-section 5.2.3. Additionally, only working orpart-time or self-employment basis in the
initial year (i.e. 2005) statistically significaptlreduces males’ chance of assuming a

secondary caregiver role in the current year.

In summary, the results from two alternative cléssiions of care provision both confirm

the presence of significant state-dependence orrnvdl care provision for both males and
females. This finding is consistent with the oba#ion that caregivers are more likely to
identify themselves as the main caregiver when greyide care for residents (see Table 1).
The pattern of state-dependence from two diffectadsifications of care provision, however,
appears to be more similar for males than for fesaDisaggregation by care intensity (i.e.
main or secondary caregiving roles) further revehtt females providing care as main
(secondary) caregivers last year are more likelyptovide care as secondary (main)
caregivers this year. Recall that classifying clayeresidency status, we did not find the
evidence that females switched from providing dareesidents to providing care to non-
residents and vice versa. These differences ireshienates between the two care definitions
for females may reflect the differences in the dtrte of care recipients to whom males and
females provide care. It is also possible thaprasiously found in this literature (Lilly et al.,

2010; Nguyen and Connelly, 2013), males and femhbage different measures of care
intensity. While the results here confirm the poes evidence of inertia in care provision,

they may also suggest a certain level of “flexiiili especially for females, in care provision.
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Specifically, caregivers who find it hard to exietr caregiving duties may be able to adjust

the intensity of care by switching between the naaid secondary caregiving roles.
5.2.3. Resultsfrom alternative models with work characteristics

Results from models with indicators of work seguahd flexibility (overall job satisfaction)
perceptions are reported in Table 4b (4c). Themater estimates for most variables are

almost the same as those found in Model 1, ashartest statistics.
[Table 4b and 4c about here]

Controlling for working status, we find that worlexibility perceptions have no impact on
workers’ subsequent care decisions (See TableBibxontrast, for both male and female
workers, perceptions about job security do infleetizeir subsequent decisions to provide
care. It is interesting to observe that while jadzwgity perceptions influence males’ and
females’ subsequent decisions to provide carearsime direction they take longer to have
an impact on males’ care provision decisions. Ii@aar, among females who worked last
year, those who felt their jobs were more secueeless likely to provide care as main
caregivers this year. By contrast, only males wlusked in 2005 and perceived their jobs
more secure are less likely to provide care (eif®main or secondary caregivers) in the
current year. Our finding of a different impactjob security perceptions by time horizon for
males and females is thus consistent with thetfeait males typically have stronger labour

market attachment than females.

Turning to the impact of overall job satisfactioargeptions on care provision decisions, we
also find a medium term impact for male workerse@ijically, results from Table 4c suggest
that males who worked in 2005 and reported higbsgrall job satisfaction are less likely to
provide care as main caregivers in current yeais T$ however, the only statistically
significant impact of job satisfaction perceptidhat we observe in Model 3.

5.2.4. Other results

Consistent with the observation that caregiversrawee likely to identify themselves as main
caregivers when they co-reside with care recipjesgmates for other variables (reported in
Appendix Table 5) are almost the same as thosalfpugviously when care is distinguished
by residency status. One noticeable change isftiraboth males and females, the estimated
coefficients on variables that describe the nunolbeesiding members of various age cohorts
become statistically insignificant in both main asdcondary care equations. This is
reasonable because these variables represent dhactristics of those who live with the
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caregivers and they are expected to be more clostdyed with the demand for care as

defined by residency status.
6. Robustness checks

Until now, we have used a sample of individualshwialid information on a list of variables
that represent the demand for care to address eeworabout the poor quality of other
available variables, especially variables thatefthe demand for non-resident care. Doing
so however comes at a cost of reducing the sampée significantly. We examine how
sensitive the results are to this sample restncty excluding that list of demand side
variables from our regressions to increase the Easipe. We instead include a variable
containing the number of other household membett &ilong term health condition,
disability or impairment to proxy for demand forrea Regression results from this
experiment are almost the same as those reporteéciion 5 (and are not presented here, but

are available upon request).

So far, we have focused on “unpaid” caregiveraaundata, there are individuals who are not
identified as “unpaid” caregivers in the above gsa@bé but reported receiving welfare
payments for their care provision, either in a fasfra Carer Payment or Carer Allowance
(See Appendix Table 1). We next assess the rolassiolethe results by designating those
individuals as caregivers. For these individuaisugh, we have no information about care
intensity and care location. We assume that thdse neceive any Carer Payment or Carer
Allowance are the main caregivers because thesengratg are paid to caregivers who
provide care to individuals with a severe disapitit severe medical condition. As mentioned
above, we are unable to determine whether thesgivars provide care to residents or non-
residents, and hence only can examine the robsstiig¢le results when care is distinguished
by care intensity. The results are very similathose reported in Section 5.2 (and hence are

not presented here, but are available from thecasitlppon request).
7. Conclusion

We have examined the dynamics of care provisionwofking age Australians. Our
multinominal dynamic models account for state-dejeeice, unobserved heterogeneity and
initial conditions. The results provide strong ende of positive state-dependence in all care
provision states (defined either by residency statiumain/secondary role). This is true in

both the short- and medium-term, irrespective ofdge. In addition, the persistence in care
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provision appears to be stronger for more intensae types (i.e. resident care or main

care).

We also find that previous employment states hameessignificant deterrent impacts on the
current care decisions. The employment impacts,eliew vary by type of previous work,
type of current care, and gender. In particularfémales, only working on a full-time basis
last year reduces their current probability of pdowy any type of care (either defined by
residency status or intensity). By contrast, forlesa working on any basis last year
statistically significantly reduces their curremblpability of providing more intensive care

(i.e. resident or main care) only.

Controlling for employment status, we find that wens’ perceptions about work flexibility
or overall work satisfaction have no impact on tlseibsequent decisions to provide care of
any form. This finding suggests that, counter tpiydar intuition, policies that are designed to
create flexibility in employment may not do much faxilitate informal care provision.
Indeed, by contrast, we find some evidence thakersrwith higher job security perceptions
are less likely to become caregivers in subseqyeats. This finding implies that policies
which aim at strengthening work security of workeray not help encourage current workers
to provide care either, probably because they laastonger desire over the maintenance of

their employmenteeteris paribus.

Also from the public policy point of view, our fimtgs of a significant inertia in care
provision when viewed with earlier evidence thatrkvekills face with longer duration of
unemployment. (Pissarides, 1992) suggests thaeipblicies aim at returning caregivers to

work, appropriate training programs are needed.

This paper has focused on the impact of previousgoang status and previous work
characteristics on current care provision decisidingherefore abstracts from estimating a
simultaneous model of care provision and laboucdqrarticipation decisions. As suggested
by Skira (2012), decisions to provide care and éokwnay be made simultaneously. Further
work on dynamic models of an interaction betweeaegiaing and labour market activities is

thus a promising avenue for future research.
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Table 1: Caregivers and care recipients

Resident caregiver

Non-resident caregiver

Resigedthon-resident caregiver

Female Male Total Female Male Total Female Male alrot
Carer: % Yes 4.7 35 4.1 5.2 2.8 4.0 9.9 6.3 8.1
Main carer: % Yes (a) 84.9 59.5 74.1 37.6 24.9 33.3 58.6 43.4 52.7
Who is cared for: % (a)
Spouse/partner 28.6 35.0 31.3 0.5 0.2 0.4 14.0 19.7 16.2
Parents 20.1 34.2 26.1 76.7 76.1 76.5 49.9 52.8 51.0
Children 47.3 29.0 39.5 4.5 4.5 45 24.8 18.1 22.2
Others 4.0 1.8 3.1 18.4 19.3 18.7 11.3 9.4 10.6

Notes: ® Conditional on providing respective unpaid carengitudinal sampling weights are used.
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Table 2: Caregiving trajectories by gender

Wave t+1
Wave t Female Male
Panel A: Resident/Non-resident care Non Residential Non- Non Residential Non-
caregiver residential caregiver residential
Non caregiver 95.5 1.7 2.8 96.7 1.4 2.0
Residential 32.3 65.4 2.3 38.5 59.8 1.7
Non-residential 50.2 2.0 47.8 65.0 1.9 33.1
Total 90.1 4.7 5.2 93.7 3.5 2.8
Panel B: Main/Secondary care Non Main Secondary Non Main Secondary
caregiver caregiver
Non caregiver 95.5 2.3 2.2 96.7 1.2 2.2
Main 35.2 54.5 10.3 39.3 50.8 9.9
Secondary 50.8 11.7 37.5 58.1 5.2 36.7
Total 90.1 5.7 4.1 93.7 2.7 3.6

Notes: Longitudinal sampling weights are used.

Percentage of those in current wave state movitigegmext wave state (row percentage) is repofted (
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Table 3a: Caregiving dynamics: Resident versus noresident care - Model 1 with employment status (mairesults)

Female Male
Specification | Specification Specification | p&ification Il
Variables Resident care  Non-residenResident care  Non-resident Resident care  Non-residentResident care  Non-resident
care care care care
Resident care last ye@)r 1.91%* 0.58 1.89*** 0.45 1.49*** -0.21 1.51%** 004
(0.22) (0.39) (0.22) (0.40) (0.29) (0.60) (0.29) (0.62)
Non-resident care last ye&r 0.40 1.27%** 0.29 1.27%** 0.50 1.32%** 0.78 1.19*
(0.41) (0.16) (0.41) (0.16) (0.58) (0.25) (0.60) (0.25)
Resident care att =@ 4.81*** 0.14 4.,84*** 0.29 5.81%** 1.35** 5.79%** 1.34**
(0.51) (0.44) (0.51) (0.46) (0.71) (0.62) (0.71) (0.54)
Non-resident care at t=% 0.71 2.65%** 0.79 2.65%** 2.17%** 2.46%** 2.10%** 2.57%**
(0.51) (0.29) (0.51) (0.29) (0.68) (0.40) (0.68) (0.39)
Work full time last yeafb) =117 -0.51* -1.18*** -0.51* -0.97* 0.01 -0.97** 0.01
(0.34) (0.23) (0.34) (0.23) (0.42) (0.35) (0.42) (0.36)
Work part time last yed? -0.21 -0.19 -0.22 -0.19 -1.06%* 0.74* -1.06%* @7
(0.27) (0.20) (0.27) (0.19) (0.53) (0.39) (0.53) (0.40)
Self-employed last yeéti’ -0.08 -0.37 -0.10 -0.37 -1.32** 0.26 -1.33* 0.27
(0.47) (0.37) (0.48) (0.37) (0.56) (0.45) (0.56) (0.45)
Work full time at t=1 -0.47 0.27 -0.45 0.27 -0.32 -0.28 -0.31 -0.24
(0.38) (0.27) (0.39) (0.27) (0.57) (0.42) (0.57) (0.42)
Work part time at t=1” -0.66* 0.20 -0.63* 0.19 -1.19 -1.45% -1.16 -1#3
(0.35) (0.24) (0.35) (0.24) (0.86) (0.65) (0.85) (0.67)
Self-employed at t=f" -0.69 -0.39 -0.65 -0.41 -0.52 -0.91* -0.46 -0.88
(0.63) (0.42) (0.67) (0.42) (0.71) (0.53) (0.71) (0.54)
Unobserved heterogeneity (SD) 2.46%** 1.74%** 2.49* 1.74%** 2.42%** 1.56*** 2.41%** 1.64***
(0.21) (0.13) (0.22) (0.13) (0.29) (0.18) (0.29) (0.17)
Error correlation 0.57 -1.27%**
(0.54) (0.42)
Log-likelihood -2849.11 -2848.48 -1761.34 -1757.17
Pseudo R2 0.05 0.05 0.03 0.03
AlC 5966.21 5966.96 3790.67 3784.35
BIC 6960.66 6968.83 4766.27 4767.23
P LR 0.54 0.02

Notes: Coefficient estimates from MSL estimation with Balton draws ® Non-carer is the base grodE?;Unemponed is the base grougiandard errors in parentheses; *** p<0.01, **
p<0.05, * p<0.1; Specification | (Il) does not (dpallow for correlation between errors in two cargcome equations; P (LR) is P value from an LR fer the significance of the error

correlation; Estimates of other variables are regubin Appendix Table 4.

29



Table 3b: Caregiving intensity dynamics: Resident @rsus non-resident care — Model 2 with work secuntand flexibility indicators

Female Male
Specification | Specification I Specification | p&ification Il
Variables Resident care  Non-residenResident care  Non-resident Resident care  Non-residentResident care  Non-resident
care care care care
Resident care last ye%t 1.96*** 0.60 1.93%* 0.47 1.44%* -0.09 1.48** 015
(0.23) (0.39) (0.23) (0.42) (0.30) (0.60) (0.30) (0.63)
Non-resident care last ye'&r 0.37 1.23*** 0.24 1.23*** 0.23 1.39%** 0.52 1.3%4*
(0.43) (0.17) (0.46) (0.17) (0.65) (0.26) (0.68) (0.26)
Resident care at t =@ 4.66%** -0.01 4.71%*x 0.13 5.96*** 1.61%* 5.89%* 1.40**
(0.54) (0.47) (0.54) (0.52) (0.72) (0.54) (0.71) (0.55)
Non-resident care at t=3 0.15 2. 71 0.18 2.69%+* 2.44%* 2.4 %+ 2.36** 2.44%*
(0.65) (0.30) (0.61) (0.30) (0.69) (0.41) (0.67) (0.40)
Job security index last year -0.05 -0.01 -0.05 10.0 0.12 0.03 0.11 0.03
(0.06) (0.04) (0.06) (0.04) (0.08) (0.05) (0.07) (0.05)
Work and life job satisfaction last year 0.07 -0.00 0.07 -0.00 0.01 -0.01 0.01 -0.01
(0.06) (0.04) (0.06) (0.04) (0.07) (0.05) (0.06) (0.05)
Unemployed last year 0.37 0.29 0.38 0.28 0.66 38-0. 0.67 -0.39
(0.25) (0.19) (0.25) (0.19) (0.42) (0.35) (0.42) (0.35)
Job security index at t=1 0.09 -0.03 0.09 -0.02 0.03 -0.12** -0.02 -0.12**
(0.08) (0.05) (0.08) (0.05) (0.09) (0.06) (0.09) (0.06)
Work and life job satisfaction at t=1 -0.04 -0.01 0.03 -0.01 -0.03 0.02 -0.03 0.02
(0.07) (0.05) (0.08) (0.05) (0.08) (0.06) (0.08) (0.06)
Unemployed at t=1 0.33 -0.09 0.32 -0.08 0.92 0.54 0.89 0.54
(0.31) (0.23) (0.31) (0.23) (0.57) (0.43) (0.56) (0.42)
Unobserved heterogeneity (SD) 2.50%** 1.76** 2.53* 1.76** 2.4 % 1.55%** 2.38*** 1.56%+*
(0.25) (0.14) (0.26) (0.14) (0.28) (0.19) (0.28) 0.18)
Error correlation 0.51 -1.27**
(0.72) (0.56)
Log-likelihood -2747.36 -2747.11 -1637.18 -1635.60
Pseudo R2 0.04 0.04 0.04 0.04
AlC 5762.72 5764.22 3542.37 3541.19
BIC 6753.20 6762.10 4512.85 4518.92
P (LR) 0.78 0.20

Notes: Coefficient estimates from MSL estimation with B@lton drawsfa) Non-carer is the base group; Standard errors riengizeses; *** p<0.01, ** p<0.05, * p<0.1; Specdiion | (II)

does not (does) allow for correlation between srinrtwo care outcome equations; P (LR) is P véiom an LR test for the significance of the errorrelation; Estimates of other variables

are omitted.
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Table 3c: Caregiving intensity dynamics: Residentersus non-resident care - Model 3 with overall worlsatisfaction indicators

Female Male
Specification | Specification Specification | p&ification Il
Non- Non- Non- Non-
Resident resident Resident resident Resident resident Resident resident
Variables care care care care care care care care
Resident care last ye@F 1.96%*  0.59 1.93%  0.47 1.45%*  .0.08 1.49%* 013
(0.23) (0.39) (0.23) (0.42) (0.30) (0.60) (0.30) (0.63)
Non-resident care last ye&r 0.36 1.23**  0.25 1.23%%x 0.21 1.39%* 0.50 1.34
(0.43) (0.17) (0.45) (0.17) (0.65) (0.26) (0.68) (0.26)
Resident care att =@ 4.66***  -0.01 470"  0.12 5.90***  1.62** 5.82% 1.41**
(0.54) (0.47) (0.54) (0.51) (0.71) (0.54) (0.70) (0.55)
Non-resident care at t=% 0.12 2.72%* 0.18 2.70%** 2.38%*  2.38%* 2 31F D 4%
(0.60) (0.30) (0.59) (0.30) (0.68) (0.41) (0.66) (0.40)
Overall work satisfaction last year -0.08 0.01 -0.08 0.01 -0.02 0.01 -0.02 0.02
(0.07) (0.05) (0.07) (0.05) (0.08) (0.07) (0.08) (0.07)
Unemployed last year 0.36 0.28 0.37 0.28 0.73* -0.33 0.73* -0.35
(0.25) (0.19) (0.25) (0.19) (0.41) (0.35) (0.41) (0.35)
Overall work satisfaction at t=1 0.05 -0.03 0.06 -0.03 -0.03 -0.05 -0.02 -0.05
(0.10) (0.06) (0.10) (0.06) (0.11) (0.07) (0.11) (0.07)
Unemployed at t=1 0.31 -0.08 0.30 -0.08 0.84 0.45 0.82 0.46

(0.31)  (0.23)  (0.31)  (0.23)

(0.56)  (0.43)  (0.55) (0.42)

Unobserved heterogeneity (SD)
Error correlation

Log-likelihood
Pseudo R2
AIC

BIC

P (LR)

251%% 176  pogmx ] 7pe
(0.25)  (0.14) (0.26)  (0.14)

0.48
(0.67)

-2748.30 -2748.05
0.04 0.04
5756.60 5758.11
6717.52 6726.41

0.78

2.38%* 157  3pme | Gge
(027)  (0.19) (0.27)  (0.18)

-1.19%
(0.55)
-1640.64 -1639.14
0.03 0.04
3541.27 3540.28
4482.79 4489.04

0.22

Notes: Coefficient estimates from MSL estimation with Balton draws

are omitted.

@ Non-carer is the base group; Standard errors liengizeses; *** p<0.01, ** p<0.05, * p<0.1; Specdiwon | ()
does not (does) allow for correlation between eriprtwo care outcome equations; P (LR) is P vélom an LR test for the significance of the errorrelation; Estimates of other variables
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Table 4a: Caregiving intensity dynamics: Main verss secondary care - Model 1 with employment status@in results)

Female Male
Specification | Specification Il Specification | p&cification Il
Variables Main Secondary Main Secondary Main Sdaon Main Secondary
Main care last yeaf 1.83*** 1.54%** 1.53%** 0.79%** 2.07%** 1.00** 1 .85%** 0.42
(0.18) (0.22) (0.18) (0.22) (0.31) (0.39) (0.32) (0.40)
Secondary care last ye&f 1.95%** 1.64%** 1.23%** 1.57%* 1.55%** 1.58*** 0.76* 1.50***
(0.22) (0.19) (0.24) (0.19) (0.35) (0.25) (0.40)  (0.24)
Main care att = £ 3.28*** 1.07*** 3.80*** 1.99%** 3.61%** 1.79%** 3.99%** 2.41%**
(0.33) (0.27) (0.37) (0.31) (0.55) (0.44) (0.58)  (0.50)
Secondary care at =4 1.37%** 2.22%** 2.13%** 2.44%** 0.91* 2.70%** 1. 60*** 2.85%**
(0.35) (0.28) (0.43) (0.29) (0.50) (0.37) (0.56)  (0.36)
Work full time last yeaf® -0.76%*  -0.42* -0.86%**  -0.48** -1.18**  0.30 A1.21%*  0.26
(0.26) (0.23) (0.26) (0.23) (0.36) (0.35) (0.36) (0.35)
Work part time last yead? -0.01 -0.29 -0.08 -0.25 -1.08* 0.86** -1.13% @
(0.22) (0.20) (0.22) (0.20) (0.47) (0.38) (0.47) (0.38)
Self-employed last ye&? 0.07 -0.46 -0.02 -0.39 -1.72%* 0.66 -1.64**  Rp
(0.36) (0.38) (0.36) (0.37) (0.48) (0.44) (0.49) (0.44)
Work full time at t=1®) 0.02 0.21 -0.08 0.07 -0.32 -0.11 -0.40 -0.22
(0.29) (0.25) (0.31) (0.26) (0.45) (0.39) (0.46)  (0.40)
Work part time at t=1 -0.42 0.24 -0.48* 0.08 -0.28 -1.64% -0.30 -1%75
(0.26) (0.22) (0.28) (0.23) (0.59) (0.68) (0.60) (0.67)
Self-employed at t=F -0.30 -0.24 -0.33 -0.29 -0.17 -0.93* -0.32 -¥04
(0.43) (0.40) (0.45) (0.39) (0.55) (0.51) (0.57) (0.52)
Unobserved heterogeneity (SD) 1.96*** 1.40*** 2.2%9* 1.51%* 1.69*** 1.35%** 1.87*** 1.52%**
(0.15) (0.14) (0.17) (0.13) (0.25) (0.17) (0.25) 0.18)
Error correlation 2.70%** 2.10%**
(0.47) (0.57)
Log-likelihood -3172.63 -3150.16 -1878.85 -1874.57
Pseudo R2 0.03 0.04 0.02 0.02
AIC 6613.26 6570.32 4025.71 4019.13
BIC 7607.71 7572.19 5001.31 5002.01
P (LR) 0.00 0.01

Notes: Coefficient estimates from MSL estimation with Balton draws ® Non-carer is the base grodE?;Unemponed is the base grougiandard errors in parentheses; *** p<0.01, **
p<0.05, * p<0.1; Specification | (Il) does not (dpallow for correlation between errors in two cargcome equations; P (LR) is P value from an LR fer the significance of the error
correlation; Estimates of other variables are regubin Appendix Table 5.
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Table 4b: Caregiving intensity dynamics: Main versis secondary care - Model 2 with work security andéxibility indicators

Female Male
Specification | Specification I Specification | p&ification Il
Variables Main  Secondary Main Secondary Main Secondary MainSecondary
Main care last yeap 1.86*** 1.46*** 1.52%*  0.76** 2.06%** 1 11%** 1.80*** 0.49
(0.19) (0.22) (0.19) (0.23) (0.32) (0.40) (0.32) (0.41)
Secondary care last ye&t 1.81%* 1.58** 1.23%%  1.42% 1.59%*  1.62%* 0.91** 1.50%**
(0.23) (0.19) (0.24) (0.19) (0.37) (0.25) (0.38) (0.24)
Main care att = 3.23%kx ] 17 3.85%+* ] Q8+ 3.73%* 1 69%* 4.18*** 2 47**
(0.34) (0.28) (0.38) (0.32) (0.54) (0.49) (0.59) (0.51)
Secondary care at t=% 1.36*** 2.29*** 2.14%xx D HQk* 0.92* 2,79+ 1. 60***  2.99%**
(0.40) (0.29) (0.42) (0.31) (0.49) (0.37) (0.52) (0.38)
Job security index last year -0.10** 0.03 -0.10* .08 0.08 0.05 0.10 0.06
(0.04) (0.04) (0.04) (0.04) (0.07) (0.05) (0.07) (0.05)
Work and life job satisfaction last year 0.06 -0.01  0.07 -0.01 -0.01 0.01 -0.02 0.01
(0.05) (0.04) (0.05) (0.04) (0.06) (0.05) (0.06) (0.05)
Unemployed last year 0.30 0.31 0.34 0.33* 1.10%**-0.76** 1.03***  -0.74*
(0.20) (0.20) (0.21) (0.20) (0.35) (0.35) (0.35) (0.35)
Job security index at t=1 0.04 -0.03 0.05 -0.03 0.12* -0.10** -0.12* -0.10*
(0.06) (0.04) (0.06) (0.05) (0.07) (0.05) (0.07) (0.05)
Work and life job satisfaction at t=1 -0.07 -0.01 0.01 -0.00 0.04 -0.02 0.05 -0.02
(0.06) (0.05) (0.06) (0.05) (0.07) (0.05) (0.07) (0.05)
Unemployed at t=1 0.19 -0.20 0.18 -0.19 0.57 052 0.71 0.66
(0.23) (0.22) (0.26) (0.23) (0.44) (0.40) (0.46) (0.41)
Unobserved heterogeneity (SD) 1.89%x*  1.43%** 2.36* 1.63*** 1.60%**  1.41** 1.88*** 1, 59%**
(0.15) (0.14) (0.19) (0.14) (0.22) (0.18) (0.26) 0.18)
Error correlation 2.69%+* 1.92%**
(0.51) (0.56)
Log-likelihood -3036.62 -3013.14 -1761.96 -1754.77
Pseudo R2 0.03 0.04 0.02 0.02
AIC 6341.24 6296.28 3791.92 3779.53
BIC 7331.72 7294.15 4762.40 4757.26
P (LR) 0.00 0.00

Notes: Coefficient estimates from MSL estimation with Balton draws® Non-carer is the base group; Standard errors lientizeses; *** p<0.01, ** p<0.05, * p<0.1; Specdiwon | ()

does not (does) allow for correlation between erinrtwo care outcome equations; P (LR) is P vélom an LR test for the significance of the errorrelation; Estimates of other variables
are omitted.
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Table 4c: Caregiving intensity dynamics: Main verss secondary care - Model 3 with overall work satisfction indicators

Female Male
Specification | Specification Il Specification | pé&ification Il
Variables Main  Secondary @ Main  Secondary Main Secondary Main eco8dary
Main care last yed?’ 1.88*** 1. 47%** 1.56*** 0.78*** 2.01%+* ] 12%* 1 .76*** 0.50
(0.18) (0.22) (0.19) (0.23) (0.31) (0.40) (0.32) (0.40)
Secondary care last ye&t 1.83** 1.59%** 1.24%*  1.42%** 1.59%*  1.63** 0.92** 1.50%**
(0.23) (0.19) (0.24) (0.19) (0.37) (0.25) (0.38) (0.24)
Main care att = ¥ 3.18%*  1,16%+* 3.76%*  1.96%* 3.82%** 1 .67*** 4 26%* 2. 46%*
(0.34) (0.28) (0.38) (0.32) (0.54) (0.47) (0.59) (0.51)
Secondary care at t=4 1.32%%%  2.26%* 2.12%xx D G7xx* 0.94* 2,77 1.6 2% 2,98+
(0.42) (0.29) (0.43) (0.31) (0.50) (0.37) (0.52) (0.38)
Overall work satisfaction last year -0.02 -0.03 -0.01 -0.03 0.07 -0.03 0.06 -0.02
(0.06) (0.05) (0.06) (0.05) (0.08) (0.06) (0.08) (0.06)
Unemployed last year 0.25 0.33* 0.26 0.36* 1.18*** -0.74** 1.14%**  -F2**
(0.20) (0.20) (0.20) (0.20) (0.34) (0.35) (0.36) (0.35)
Overall work satisfaction at t=1 -0.06 0.04 -0.07 0.02 -0.19**  0.04 -0.19*  0.03
(0.07) (0.06) (0.07) (0.06) (0.08) (0.07) (0.09) (0.07)
Unemployed at t=1 0.24 -0.22 0.24 -0.21 0.53 0.44 0.67 0.57
(0.23) (0.22) (0.25) (0.23) (0.44) (0.40) (0.46) (0.41)
Unobserved heterogeneity (SD) 1.87%*  1.41%* 9 ogkxx ] G 1.66%* 1. 41%* 1.90%** 1.60%**
(0.15)  (0.14) (0.18) (0.14) (0.22) (0.18) (0.22) (0.18)
Error correlation 2.58%** 1.91%**
(0.50) (0.55)
Log-likelihood -3039.58 -3016.54 -1763.08 -1755.75
Pseudo R2 0.03 0.04 0.02 0.03
AIC 6339.15 6295.08 3786.16 3773.50
BIC 7300.07 7263.39 4727.67 4722.25
P (LR) 0.00 0.00

Notes: Coefficient estimates from MSL estimation with Balton draws

are omitted.

@ Non-carer is the base group; Standard errors liengizeses; *** p<0.01, ** p<0.05, * p<0.1; Specdiwn | ()
does not (does) allow for correlation between erinrtwo care outcome equations; P (LR) is P vélom an LR test for the significance of the errorrelation; Estimates of other variables
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Appendix Table 1: Characteristics of carers and norcarers: by gender and caregiving status

Female Male
Non Main Secondary Main Secondary Total Non Main  Secondary Main  Secondary Total
caregiver resident resident non- non- caregiver resident resident non- non-

Variables resident  resident resident resident
Unemployed last year 0.25 0.47 0.39 0.37 0.32 0.27 0.12 0.45 0.09 0.28 130 0.12
Worked full-time last year 0.37 0.15 0.25 0.27 0.34 0.36 0.71 0.38 0.72 0.53 690 0.70
Worked part-time last year 0.32 0.31 0.33 0.34 0.27 0.32 0.06 0.08 0.08 0.04 110 0.06
Self-employed last year 0.06 0.07 0.04 0.02 0.06 0.06 0.11 0.09 0.11 0.15 .080 0.11
Job security perception last yéar 8.06 8.11 8.14 7.56 8.08 8.05 7.95 7.88 7.64 7.43 847 794
Work life flexibility perception last yed? 7.56 7.74 7.51 7.40 7.35 7.55 7.44 7.61 7.73 7.35 A37 7.44
Overall job satisfaction last ye&r 7.79 7.88 7.74 7.76 763 779 7.61 7.43 7.85 757 557 761
Age 45.45 47.48 47.41 51.52 48.98  45.77 45.86 47.68 2744. 47.43 50.04 45.98
Immigrant from an ESB country 0.10 0.06 0.07 0.02 0.05 0.10 0.12 0.09 0.12 0.09 100 0.12
Immigrant from an NESB country 0.13 0.14 0.16 0.20 0.12 0.13 0.12 0.11 0.09 0.13 .080 0.12
Year 12 0.15 0.11 0.20 0.11 0.09 0.14 0.12 0.07 0.02 0.13 .090 0.12
Vocational training 0.35 0.26 0.41 0.39 0.48 0.35 0.48 0.43 0.55 0.37 540 0.48
Bachelor or higher 0.21 0.15 0.13 0.14 0.20 0.20 0.20 0.07 0.12 0.24 210 0.19
Married/de facto 0.77 0.75 0.77 0.74 0.79 0.77 0.77 0.76 0.82 0.73 .840 0.77
Separated/divorced/widowed 0.13 0.15 0.07 0.15 0.11 0.13 0.08 0.10 0.01 0.19 110 0.08
Disable 0.20 0.34 0.34 0.27 0.25 0.21 0.20 0.39 0.26 0.28 210 0.20
Non-wage household income 0.27 0.26 0.27 0.27 0.27 0.27 0.11 0.15 0.16 0.11 120 0.11
Home owner without mortgage 0.46 0.37 0.37 0.41 0.42 0.45 0.49 0.25 0.38 0.44 .36 0 0.48
Home owner with mortgage 0.32 0.31 0.38 0.39 0.40 0.33 0.29 0.48 0.36 0.32 450 0.30
Number of persons aged 0-4 0.22 0.14 0.08 0.03 0.08 0.20 0.21 0.15 0.17 0.27 170 0.21
Number of persons aged 5-9 0.23 0.31 0.28 0.09 0.15 0.23 0.22 0.12 0.38 0.12 140 0.22
Number of persons aged 10-14 0.26 0.38 0.54 0.17 0.24 0.27 0.25 0.22 0.55 0.19 180 0.25
Number of persons aged 15-23 0.36 0.44 0.58 0.60 0.50 0.37 0.33 0.34 0.47 0.28 350 0.33
Number of persons aged 24-64 0.83 0.91 1.12 0.67 0.84 0.83 0.87 0.89 1.21 0.72 .87 0 0.87
Number of elderly 0.06 0.19 0.38 0.14 0.03 0.07 0.04 0.30 0.23 0.00 .020 0.05
Death of close relative 0.12 0.14 0.15 0.11 0.13 0.12 0.11 0.11 0.14 0.15 110 0.11
Death of close friend 0.08 0.11 0.09 0.11 0.09 0.08 0.09 0.14 0.06 0.09 150 0.09
Injury to self 0.06 0.12 0.05 0.10 0.06 0.07 0.07 0.07 0.09 0.10 .08 0 0.08
Injuryl/iliness of relative/family member 0.16 0.31 0.19 0.30 0.31 0.18 0.13 0.26 0.25 0.23 0.27 0.14
Weekly hours of car® 0.52 18.96 13.18 11.14 6.37 1.80 029 2596 5.19 8.04 664 111
Carer benefit recipient 0.02 0.63 0.47 0.26 0.03 0.05 0.00 0.51 0.06 0.13 0.01 0.02
Number of wave-observations 13009 563 84 250 500 14406 11800 242 146 76 252 12516

Notes: Longitudinal sampling weights are us&iMean is for those working last ye&.Mean is for individuals with a valid answer to tipeestion on the number of weekly hours spent on
providing care to a spouse or relative or parewts the self-completed questionnaire.

35



Appendix Table 2: Correlation matrix of work characteristics

Work security

Flexibility

Entitlements

Over
all

Var. Work security Flexibility Entitlements Overall
Job characteristics code 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18
Per cent chance of losing job in next 12 moffths 1 1.00
Per cent chance of voluntarily leaving job in n&xtmonthg® 2 0.23 1.00
Job security satisfactidfi 3 058 -0.16 1.00
| have a secure future in my jdB 4 048 -0.20 0.67 1.00
The flexibility to balance work and non-work commints satisfactior” 5 -010 -014 0.22 0.16 1.00
My working times can be flexibl@ 6 -0.03 0.04 0.08 043 1.00
| can decide when to take a brédk 7 -0.02 008 009 031 058 1.00
I have a lot of choice in deciding what | do at kit 8 -0.07 -0.07 0.12 0.16 025 048 049 1.00
I have a lot of freedom to decide when | do my w8rk 9 -0.02 -0.04 006 008 035 066 057 069 1.00
Workplace entitlements: Flexible start/finish tinfes 10 0.03 029 057 046 031 044 1.00
Workplace entitlements: Home-based witk 11 0.02 002 018 039 035 028 037 047 1.00
Workplace entitlements: Permanent part-time wrk 12 -0.08 -0.06 0.14 0.16 0.05 -0.02 50.0-0.05 0.14 0.14 1.00
Does employer provide paid sick ledVe 13 -0.12 -0.09 0.6 0.17 -0.11 -0.12 0.04 0.06 050. 0.08 0.14 1.00
Does employer provide paid holiday ledVe 14 -0.12 -0.09 0.16 0.18 -0.10 -0.12 0.04 0.06 050. 0.08 0.14 096 1.00
Child care facilities or subsidised child care exges® 15 0.02 0.02 005 009 006 003 006 015 0.20130.0.04 0.03 1.00
Workplace entitlements: Special leave for caringfdmnily memberf® 16 -0.09 -0.09 0.4 0.17 -0.07 -0.02 -0.06 -0.11.090 0.09 048 044 043 015 1.00
Workplace entitlements: Paid maternity le&Ve 17 -0.07 -0.09 0.10 0.12 -0.06 -0.13 -0.09 -0.120.17# 0.03 0.08 038 040 0.39 022 060 1.00
Overall job satisfactioff) 18 -022 -037 043 035 054 021 017 023 0.20110 0.05 0.07 0.03 0.07 0.02 1.00

Notes: Only correlation coefficients significant at th#3evel or better are listed. Longitudinal samphngights are used.

@ a number between 0 and 160a number between 0 (totally dissatisfied) and €ally satisfied)®a number between 1 (strongly disagree) and 7 @lyaygree)® Yes/No choice, Yes = 1

and No = 0.
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Appendix Table 3: Work characteristics by type of pb

Work security

Flexibility

Entitlements

Overall

Pooled sample Females Males
Variables FT PT SE FT PT SE FT PT SE
Per cent chance of losing job in next 12 moffhs 8.81 10.01 772  9.26 9.41 14.03
Per cent chance of voluntarily leaving job in nétmonths® 1594 17.93 14.87 16.91 16.54 23.33
Job security satisfactidff 810 7.88 7.38 8.18 7.98 7.58 8.06 7.39 7.27
I have a secure future in my jdB 5.24 5.06 4.78 5.39 5.13 5.00 5.17 470 4.68
The flexibility to balance work and non-work commints satisfactior” 7.24 8.06 7.86 7.03 805 8.06 7.35 8.14 7.74
My working times can be flexibl€ 3.97 429 557 3.66 421 5.73 412 4.67 5.49
I can decide when to take a brédk 479 433 589 444 425 583 496 475 592
I have a lot of choice in deciding what | do at 6t 3.86 345 524 3.63 3.40 5.28 3.98 3.72 522
I have a lot of freedom to decide when | do my wlrk 366 3.60 5.39 3.40 3.52 5.60 3.80 399 529
Workplace entitlements: Flexible start/finish tinf8s 057 054 0.76 0.52 053 0.77 059 0.58 0.76
Workplace entitlements: Home-based witk 028 020 0.46 026 0.20 0.56 0.29 0.25 0.41
Workplace entitlements: Permanent part-time wrk 0.76 0.85 0.42 0.87 0.87 0.49 0.70 0.77 0.38
Does employer provide paid sick led¥e 093 0.58 093 061 0.92 0.43
Does employer provide paid holiday ledVe 092 058 092 0.60 0.92 043
Child care facilities or subsidised child care exge=® 0.09 0.09 0.05 0.09 0.09 0.05 0.10 0.09 0.04
Workplace entitlements: Special leave for caringfémnily membef® 0.84 071 0.30 0.88 073 0.27 0.82 060 0.32
Workplace entitlements: Paid maternity le&¥e 0.65 0.48 0.07 0.71 0.50 0.06 0.61 0.41 0.07
Overall job satisfactiof) 7.63 7.87 7.66 7.64 791 7.94 762 7.63 7.51

Notes: FT: full time; PT: part time; SE: self-employedesIs for the difference of means of full time jaioe statistically significant at the 5 % level & variables except those given in bold.
Longitudinal sampling weights are used.

@ a number between 0 and 160 number between 0 (totally dissatisfied) and €ally satisfied)®a number between 1 (strongly disagree) and 7 @lyaygree)® Yes/No choice, Yes = 1
and No =0.
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Appendix Table 4: Caregiving dynamics: Resident vesus non-resident care - Model 1 with
employment status (Remaining results)

Female Male
Specification | Specification Il Specification | Sgification Il
Non- Non- Non- Non-
Resident resident Resident resident Resident resident Resident resident
Variables care care care care care care care care
Age -0.27 -0.02 -0.26 -0.02 -0.40 0.01 -0.38 0.02
(0.33) (0.25) (0.33) (0.25) (0.40) (0.35) (0.40) 0.3p)
Age squared -0.00 -0.00** -0.00 -0.00** 0.00 -0.00 0.01 -0.00
(0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) 0.00)
ESB immigrant? -0.75* -0.86***  -0.78* -0.87%** 0.18 -0.41 0.19 -a0
(0.41) (0.31) (0.41) (0.30) (0.41) (0.30) (0.40) 0.30)
NESB immigrant? -0.56 -0.05 -0.57 -0.03 0.12 0.30 0.14 0.29
(0.41) (0.26) (0.40) (0.25) (0.51) (0.32) (0.51) 0.30)
Year 120 -0.06 -0.06 -0.06 -0.03 -0.32 -0.26 -0.36 -0.26
(0.38) (0.27) (0.38) (0.26) (0.55) (0.40) (0.55) 0.38)
Vocational training® 0.03 0.31* 0.05 0.32* -0.29 0.05 -0.32 0.04
(0.28) (0.18) (0.29) (0.18) (0.34) (0.26) (0.33) 0.26)
Bachelor or highef’ -0.02 -0.06 -0.01 -0.07 -1.05** 0.06 -1.06** 0.04
(0.37) (0.24) (0.37) (0.24) (0.49) (0.32) (0.48) 0.32)
Married/de factd® -1.11 -0.56 -1.10 -0.56 -0.94 1.69* -0.97 1.77*
(0.95) (0.67) (0.96) (0.67) (0.97) (0.97) (0.96) 0.99)
Separated/divorced/widowé&d -0.60 -0.63 -0.58 -0.64 -2.34* 1.19 -2.37* 1.25
(1.05) 0.77) (2.05) (0.77) (1.38) (1.09) (1.38) 1.10)
Disable 0.35 0.31* 0.35 0.31* -0.20 0.24 -0.20 0.24
(0.23) (0.18) (0.23) (0.18) (0.28) (0.26) (0.28) 0.26)
Non-wage household income 0.22 -0.06 0.24 -0.06 0.12 0.75 0.10 0.75
(0.57) (0.29) (0.57) (0.29) (0.81) (0.69) (0.81) 0.60)
Home owner without mortgad® 1.14* 0.32 1.14* 0.33 0.28 -0.64* 0.28 -0.62
(0.45) (0.35) (0.45) (0.35) (0.53) (0.38) (0.53) 0.30)
Home owner with mortgad® 0.55 0.31 0.55 0.32 0.11 -0.68 0.11 -0.68
(0.48) (0.38) (0.48) (0.38) (0.56) (0.44) (0.56) 0.44)
Number of persons aged 0-4 0.19 -0.62** 0.18 -0.61** 0.58 -0.52 0.60 -0.59*
(0.31) (0.31) (0.31) (0.31) (0.37) (0.32) (0.37) 0.38)
Number of persons aged 5-9 0.41 -0.53** 0.41 -0.53** 0.60* 0.12 0.61* 0.11
(0.27) (0.25) (0.27) (0.25) (0.32) (0.32) (0.32) 0.3)
Number of persons aged 10-14 0.70%*  -0.43** 0.70%*  -0.42** 0.76**  -0.25 0.77*  -0.26
(0.23) (0.20) (0.23) (0.20) (0.29) (0.26) (0.29) 0.26)
Number of persons aged 15-23 0.36* -0.14 0.35* -0.13 0.45* -0.25 0.45* -0.25
(0.20) (0.15) (0.20) (0.15) (0.24) (0.22) (0.24) 0.20)
Number of persons aged 24-64 1.08***  -0.02 1.08***  -0.02 1.73**  -0.72* 1.73**  -0.71*
(0.31) (0.27) (0.31) (0.27) (0.42) (0.40) (0.42) 0.40)
Number of elderly 247  -0.33 2.48**  -0.32 3.61%*  -1.58** 3.65**  -1.60**
(0.42) (0.48) (0.43) (0.48) (0.64) (0.81) (0.63) 0.80)
Death of close relative -0.03 -0.74**  -.0.04 -0.74%** -0.50* -0.41* -0.49 -0.43*
(0.23) (0.18) (0.23) (0.18) (0.30) (0.25) (0.30) 0.26)
Death of close friend 0.28 0.05 0.27 0.05 0.24 -0.01 0.23 -0.01
(0.26) (0.19) (0.26) (0.19) (0.32) (0.26) (0.32) 0.26)
Injury to self -0.28 -0.08 -0.27 -0.09 -1.04** -0.13 -1.03** -a.1
(0.27) (0.22) (0.27) (0.22) (0.41) (0.30) (0.41) 0.30)
Injury/iliness of relative/family member 0.41* 047w 041 0.47% 0.94=*  0.66™*  0.93**  0.67**
(0.19) (0.14) (0.19) (0.14) (0.25) (0.21) (0.25) 0.21)

Notes: Coefficient estimates from MSL estimation with 5altdn draws® ® © @indicate native, Year 11 or under, never

married, and renter as the base group, respecti&fndard errors in parentheses; *** p<0.01, *0®5, * p<0.1;

Estimates on the year dummies, state dummies, Vacibles and the initial conditions are omitted.
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Appendix Table 5: Caregiving intensity dynamics: Man versus secondary care - Model 1 with
employment status (Remaining results)

Female Male
Specification | Specification Il Specification | Sgification |l
Variables Main Secondary Main Secondary Main Seapnd  Main Secondary
Age -0.19 0.04 -0.18 0.07 0.17 -0.44 0.08 -0.41
0.27) (0.26) 0.27) (0.26) (0.40) (0.31) (0.40) 0.30)
Age squared -0.00 -0.00* -0.00 -0.00** -0.00 0.00 0.00 0.00
(0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) 0.00)
ESB immigranf® -0.80** -0.46* -1.07%* -0.61** -0.18 -0.12 -0.14 -0.09
(0.34) (0.26) (0.37) (0.28) 0.37) 0.27) (0.36) 0.2p)
NESB immigrant® -0.03 -0.30 -0.14 -0.26 0.45 0.14 0.37 0.12
(0.28) (0.24) (0.31) (0.24) (0.38) (0.30) (0.40) 0.31)
Year 120 -0.26 0.15 -0.19 0.11 0.07 -0.52 0.11 -0.50
(0.28) (0.25) (0.32) (0.26) (0.42) 0.37) (0.43) 0.3p)
Vocational training? -0.13 0.47%x -0.16 0.51%** -0.08 0.01 -0.05 -0.02
(0.20) (0.18) (0.22) (0.18) (0.28) (0.22) 0.29) 0.28)
Bachelor or highef’ -0.53* 0.35 -0.53* 0.31 -0.40 -0.21 -0.38 -0.34
(0.28) (0.22) (0.30) (0.22) (0.40) (0.28) (0.40) 0.29)
Married/de factd® -1.04 -0.29 -1.12 -0.31 1.33 -0.83 1.35 -0.79
(0.80) (0.66) (0.80) (0.66) (1.00) (0.79) (0.99) 0.80)
Separated/divorced/widowéd -0.69 -0.37 -0.71 -0.44 0.00 -0.95 -0.04 -0.94
(0.87) 0.77) (0.88) 0.77) (1.22) (0.94) (1.21) 0.96)
Disable 0.32* 0.25 0.31* 0.28 0.14 -0.07 0.16 -0.07
(0.19) (0.19) (0.18) (0.19) (0.28) (0.24) (0.28) 0.2¢)
Non-wage household income 0.32 -0.42 0.31 -0.40 -0.64 1.03 -0.62 1.06*
(0.38) (0.31) (0.38) (0.30) 0.77) (0.63) 0.77) 0.64)
Home owner without mortgadé 0.89** 0.13 0.92** 0.23 -0.43 -0.29 -0.33 -0.32
(0.36) (0.35) 0.37) (0.35) 0.47) 0.37) (0.48) 0.38)
Home owner with mortgad® 0.67* -0.01 0.69* 0.08 -0.98* -0.05 -0.87* -0.10
(0.38) (0.39) (0.39) (0.38) (0.51) (0.41) (0.52) 0.44)
Number of persons aged 0-4 0.02 -0.47 -0.04 -0.43 0.13 -0.22 0.10 -0.23
(0.26) (0.29) 0.27) (0.29) 0.37) (0.28) 0.37) 0.28)
Number of persons aged 5-9 0.04 -0.24 0.01 -0.20 0.19 0.26 0.19 0.26
(0.22) (0.24) (0.23) (0.24) (0.34) (0.26) (0.35) 0.26)
Number of persons aged 10-14 0.01 0.06 0.05 0.09 0.39 0.06 0.39 0.07
(0.19) (0.20) (0.19) (0.19) (0.29) (0.22) 0.29) 0.20)
Number of persons aged 15-23 -0.05 0.15 -0.03 0.14 0.19 -0.04 0.20 -0.05
(0.16) (0.16) (0.16) (0.15) (0.25) (0.19) (0.25) 0.19)
Number of persons aged 24-64 0.43* 0.47* 0.47* 0.49* 0.48 0.33 0.52 0.33
(0.25) (0.26) (0.26) (0.26) (0.43) (0.32) 0.43) 0.32)
Number of elderly 1.55%** 0.39 1.58*** 0.48 1.69** 1.00* 1.76%** 117+
(0.36) (0.42) 0.37) (0.42) (0.57) (0.56) 0.57) 0.57)
Death of close relative -0.43** -0.62%* -0.46** -0.59%+* -0.38 -0.48** -0.42 -0.48**
(0.18) (0.18) (0.19) (0.18) (0.29) (0.23) 0.29) 0.28)
Death of close friend 0.15 0.09 0.13 0.10 0.09 0.07 0.14 0.08
(0.20) (0.20) (0.20) (0.20) (0.30) (0.24) (0.30) 0.2¢)
Injury to self -0.04 -0.29 -0.05 -0.29 -0.55 -0.39 -0.58 -0.40
(0.22) (0.24) (0.22) (0.24) (0.39) (0.29) (0.39) 0.29)
Injury/iliness of relative/family member 0527 0.38* 0.53"* 0.40%* 0.59** 073~ 0.6 4= 0.76**
(0.15) (0.15) (0.15) (0.15) (0.24) (0.19) (0.24) 0.19)

Notes: Coefficient estimates from MSL estimation with 5altén draws® ® © @indicate native, Year 11 or under, never
married, and renter as the base group, respecti&fndard errors in parentheses; *** p<0.01, *0m®5, * p<0.1;
Estimates on the year dummies, state dummies, Vacibles and the initial conditions are omitted.
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